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O il podatioad S ] Adlal) ) e Aaliional) e glaall g Aubidal) <) oY) Jleniuld
e LoDl Lgignn ada o BJale Al (g8 588 G pay ALl Adlal) Ll ey i)
Jalye cld 2 Aligh dajly e 28 AS,EN 06 G AN ARda Y Gigan S8 (gl
Olaad) (A AL Gulaeri 5 Cnfila pa () Allall G938 (A Cpfialid) (e yand) Lgdinay Basmia
iy a8 Latie galaBY) JAd Jan (galadly e led (JALN amlia Cpe o)
e U8 C_m..édsus\ a3y A g (addid dua Al IS (e A palial) JLal)
B o R famy galaiBy) JAAN A8 Moy |, hdll (il agagr ALad) gAY (e dl
Al 131 P A i) alisl) Jol i ccpbuad) cpa {81 ranal (BNl il ) Tad (As i)
A oM g AR (BB L) AS A 3 ghid ¢ oalatBy) JEAN dlae ) Jualadl ) gasil) gllag
A @éﬂ@“ﬁw A i) ollad Y Al oda ‘}3 Al MUMW:\J&JA Jdsl
o B8 Ll AS Al sl 3 jedal) dilaall 03] pUAk) Akl ) Jgma gl alw | Jalgad)
LElal 3 ¢ Al Fag g, eled) JAAN Bla Ala b Loyl sl gy iliatien ads e 300
Jad Al o Ayl Gy AS AN 1) (e Alandl 038§ e U (gl guaal A (a uS) A
Eladle DA (e gdiad o) (Sa (Allg Wghlba (8 Gl P G S O g syl
Gllea 4080 ddag e culy 38 (gl el e J'ais i) ABayg (JEAY 588 ) cAaudal gl
Gl e JSEN 13 AV e ST AS ) g 8 La 1Y) g gud qanadl) G ARty | candl)
da il glaal) Sl S o éﬁ\ Alal) cadl) d...da.i Q\J A Al dda (i éﬁ‘ Jshadl)
Al alyd om AjBall plyg Bumsl BAlANG e ged iKY AL
Sl Cma BaldLLY) uﬁ U‘J‘J" ULAS\ G_\u.ﬁh um ul.u.u.uJ u\.u&; t_“.i.hj (@M\ &Lhﬂ u&)
Lo i A Y A La ) bl 43I0 LB dllia g ALl cueadl) plaly (oS 145 jRal)
laghall uilafi O gy Awdi adgall (DAY B (pilida Guela (e (S Hdl dpadl)
Lelddy sl g A Al iy (A Ldlariad aly S cLguual dpaailly Adakilal) AdLal)

di e Of dual e @l W dpilaay) ullal) Jleial Jlab) (e aS ) o
o LY Aaild Bailiua 313 raal B palall clgl B plaal) Gl Jlexicd (@ (pllaal)
ae U AN ziladll e Adlall ) S g Adal) o Jguaad) Ailee o Jlaill A gunga
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Aradll) ueadl) LT Ades Oy Alysha 881 &igand) (e miad ) g (IS Al jall £ gea g
(AR o W il L 3l o siSall Gy A Lgd) Jua i) o (Al A i) A (LS Aadilienal)
il AY Chailly ALEd GlS S cidla lghual A8 pd 120 (e AdgSial) A Al dle ¢
Uil 3 Uidal) ALEWAN CilS Had) cpe dadld aladialy ellig Al JLEA) &8 By Adlatia s yis
byl dleny W Ll a3 Al g ALEWAN ¢ Bleleal) ClS pid) ol (yoSig Blilaa S 1 aa Lgday )
Clatia Jaline dg9dn il 1 ool oda Jay sl Ades g S linall g LRI g Acidi aaall (ha
o Laladin a3 A Gl (e 9 A9 Lgale Ulaa 1) & pitall g Aelinall gladg anally

X1.

X2.

X3.

X4.

X5.

X6.

X7.

X8.

X9.

(A G:\La.ﬁ\ sl
Ll ppad [Alglia laga e =X .1
CURRENT ASSETS / CURRENT LIABILITIES

il g gall (Alaal/Al g)aia g 94 =X 5.2
CURRENT ASSETS / TOTAL ASSETS

g sall ealfdpilgd gl =x3.3
NET RESULT / TOTAL ASSETS

Alle clBLES) [ il piall g BAAN S JAa=x, .4
EARNINGS BEFORE INTEREST AND TAXES /
FINANCIAL CHARGES

088 Aal [ Aalddl ) ga¥) =x5.5
OWN FUNDS / TOTAL DEBT

diad ) gal | claga =x4.6
SALES / OWN FUNDS

Clagsa [ agoud =x7.7

STOCKS / SALES
Gl [ G giata =Xg.8
DEBTORS / SALES
il g gall Alaal/ Qi) 48 A gaudi=xq .9
OPERATIVE CASH FLOW / TOTAL ASSETS

306



20087/ 495 /14 41 &y oYy dala ¥ udids

Agilany) coylail) g
Dscriminant Analysis (DA) Jaall Julail) -1

cilibaal) J1 g b Lady .cililad) o 8 jpaal) AVl cih SPSS 13 geabl 2 Jlaxiaddy
& 3, (DA) Juexindy ¢ Jadl) S8 A ial) AN &l gieall ¢pa ddes JSI ¢ AS & 120 o0 Ay
STEPWISE ) sb 3,85 2y 40 J) g2l e J guanl
-1 oA 7 ARl zdgalll g JEAN J8 ol ghu EDAY

L =-20081+2.246X 42.529X,

Ol Aan) [ Laldd) Jga¥) = X5 ¢ ddlal) culBill) foui) pall g 558N & Jaa =X4
cALEE Lgd) o AS il ciiat O<L «ils )3y« L: Score of Failure J&dll da L
s i W (S Gua @l pidall (e 200 A gina pae Badlyg ¢ ALGE Cud Lgild Gusallyg
Xz, Cromiiall S da Aduall bl Y1 4ad 0o (ausaill axy m Jealdl) aad) dagd o) g ANl
& el gl gy (Al 2l . 2.0081 () 4 gloa Lgad aad g ABal) (e aad X5

NS F o W le alie Wl 73 sail) 4 gina g Aa1AY
Variables Entered/Removed(a,b,c)

Step | Entered Wilks' Lambda
Statistic | dfl df2 df3 Exact F
Statistic dfl Df2 Sig.
1 x5 0.754 1 1 118 38.593 1 118 .000
2 x4 0.581 2 1 118 26.010 2 117 .000

At each step, the variable that minimizes the overall Wilks'
Lambda is entered.

a Maximum number of steps is 18.

b Minimum partial F to enter is 3.84.

¢ Maximum partial F to remove is 2.71.

Stepwise 4&h cua g dalaall A ¢ patiall (IS Aar] Badly dua

Variables in the Analysis

Step Tolerance |[F to Remov e [Wilks' Lambda
1 X 1.000 38.593
2 X .982 27.093 .853
483 (et dagaia b ) gy Adiaal) il pdall A o 3 o gl 8 Uadl) 4 ) g

Jaally i ga LSy %75.8 dadllly ¢ silall 73 gaill Cisiuatl)
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Classification Result®

Predicted Group
Membership
y 0 1 Total
original Count O 48 12 60
1 17 43 60
% 0 80.0 20.0 100.0
1 28.3 71.7 100.0

a. 75.8% of original goupedc ases corectly classified.

sl Wby JEAY g8 i Ciilatl) A cuils g
L=-1.4676+2.365X, —8.149X, +3.131X, +0.356 X,

Variables Entered/Removed(a,b,c)

o

Tes
g gall Alaa) [ JAA Bla =X3 ¢ lagagall Alaalfdl glaia &l ga ga =X2
Slasaa [ agad =XT7 ¢ Qo) (Aaa) [ dald) J)sa¥) =X5
i QLD VA g ¢ ALEL L) o A8 ) Cilal | >0 cuils (M ¢ JEAN Ay jo Jiad | o) dua
AlaieYl 7 lal) g gall) A gina g AdAIAN ) joiial) ol gy AL Jgaadly  JuERN are )

VS F ey W

Ste Wilks' Lambda
p | Entered Exact F
Statistic | df1 | df2 df3

Statistic | dfl | df2 Sig.
1 X5 0.715 1 1 118 46.938 1 118 .000
2 X3 0.562 2 1 118 45.672 2 | 117 | .000
3 X2 0.528 3 1 118 34.620 3 | 116 | .000
4 X7 0.494 4 1 118 29.395 4 | 115 | .000

At each step, the variable that minimizes the overall Wilks' Lambda
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is entered.
a Maximum number of steps is 18.
b Minimum partial F to enter is 3.84.
¢ Maximum partial F to remove is 2.71.
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- ALl Jgandt W8 g 3 gailly ALRNAY <l pial) Cpa IS Aganf Badly

Variables in the Analysis

Step Tolerance |F to Remove [Wilks' Lambda

1 x5 1.000 46.938

2 x5 .997 38.125 .745
x3 .997 32.055 715

3 x5 917 20.890 .623
x3 .997 29.365 .661
X2 .919 7.467 .562

4 x5 463 28.411 617
x3 .979 31.781 .631
X2 .887 9.841 .537
X7 .448 7.711 .528

8 g Adiaall cila pdal) A G ) (AN Zigalll Chiiuadl) @‘u«.gs w%ﬁfo&w
-1 ol mdaga LaSy %81.7 cily 7 slal) 72 galll Cihall 423 (i (Al g Aaiaua

Classification Results

Predicted Group
Membership
y 0 1 Total
Original Count 0 48 12 60
1 10 50 60
% 0 80.0 20.0 100.0
1 16.7 83.3 100.0

b. 81.7% of original grouped cases correctly classified.

YIS JaEN S Baa) g Adad Cituall) AJa s g
L =-0.5673+9.364 X, +0.551X,

Ol Al [ Laldl) J)ga¥) =X5 ¢ claga gall Aaa) [ Jaa) Ala =X3
G Lgild uSally g ALAWD Lgd) Ao AS i) bl | >0 uilS 1) dua ¢ Joddl) 4 ja =)

Y Ao sldioVl ¢ ball g3 gall) 4 pina g AL0AN & piilal) s g A Jgand) g ALiE
-:gﬁ‘zﬂSJ F u-bJ
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Variables Entered/Removed(a,b,c)

Step | Entered Wilks' Lambda
Statistic | dfl df2 df3 Exact F
Statistic | Df1 | df2 | Sig.
1 x5 0.778 1 1 118 | 33.705 1 118 | .000
2 x3 0.716 2 1 118 | 23.166 2 117 | .000

At each step, the variable that minimizes the overall Wilks'
Lambda is entered.

a Maximum number of steps is 18.

b Minimum partial F to enter is 3.84.

¢ Maximum partial F to remove is 2.71.

-1 A gl L g 3 gailly AR <l il Gpa JS Aranf Badly

Variables in the Analysis

Step Tolerance [F to Remov e |Wilks' Lambda

1 X5 1.000 33.705

2 X5 .998 27.945 .887
X3 .998 10.044 778

Cald pdall A ) ) ola) J gaadly Ao gall L) 73 gmaill Ciivatl) -3 Uadl) A ol
-:%,73_3&5.\9&,@\GEJAHJM\MJQ#S&JU@ASJMM\

Classification Results

Predicted Group
Membership
V2 0 1 Total
Original Count O 49 11 60
1 21 39 60
% 0 81.7 18.3 100.0
1 35.0 65.0 100.0

a. 73.3% of original grouped case s correctly classif ied.
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Logistic Regression (LR) (Awaslll jlaady) -2
Cra Lale Jguanl) a3 ) clibiaal)  SAS gl Jlariadly JUial) 118 ga cilily ciigh
sdaiay) Ay cwag LR Jlarialy g JEdl S8 Allita < gha EDEL (A4S 1d 120 s

P(F)= .9(X)

1+, g(X)

1y Failure Probability Juadl 4dadal a P(F) doa A3 £ iladl) e 33l g g
Badly o ALEE @ Lgild dlld (s 5 ¢ AL L) o dia 4,4 dilal P(F)>0.5eils
oA JAdl g8 & i EDAY zdgal

g(X) =-1.3287+1.4877X, +1.6896X

&
Osd (Aaa) [ Acaldl) JIg=a) =X5 ¢ Alle il Bl [ quil pudall g Bl Jd JAa =X4
LIS Zagall) B LA ¢ il Cilale 4 gina (AN Jgandl

Variables in the Equation

B S.E. Wald Df Sig. Exp(B)
X5 1.689 .043 1.354 1 .024 5.417
X4 1.487 2.503 1.697 1 .019 4.426
Constant | -1.328 1.090 4.359 1 .037 9.744

Cualy il g ~datdd) 48 shunn - (e Waliiia) Say 73 gmall) aladiady Ciaiuail) 483 ()
-1 Joaall Ao ga WS 9 %60.8
Classification Table(a)

Observed
Predicted Y Percentage
Y Correct
0 1
0 28 32 46.7
1 15 45 75.0
Overall Percentage 60.8

a The cut value is .500

Pl Dsnally ga go LaS Allly ciilsd S8 J i aldd) e glll Slaady) 73 gal Ll
g(X) =—-0.4999 —13.589X , +3.805X

5l aa) [ Laldll J)ga) =X5 ¢ clagasall Sl [ JAA e =X3
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tS Eagadl) B AdAal cl piial cilalea 4 gina G AN Jgaadl
Variables in the Equation

B S.E. Wald Df Sig. | Exp(B)

1 X5 3.805 .066 4.874 1 .027 | 44.961

X3 -13.589 | .536 | 17.922 1 .000 | .123E-5
Constant | -.499 | 3.396 | 17.515 1 .000 .606

LaS cills Jaldd) 48 ghuaa (1) 9 %72.5 <y Allg AU 73 gall) aladindy Cisiaail) 483 ¢ Las
1oLl Jgaally daa ga

Classification Tabl®

Predicted
Y Percentage
Observed 0 1 Correct
Y 0 38 22 63.3
1 11 49 81.7
Overall Percentage 72.5

a. The cut v alue is .500
-1 ) Aipall 18h g cuils 188 JEAY J8 Baa) g A i gad Wl
g(x) =—1.2584 +26.1304 X, +1.3535X

052l Alaal [ Aaldd) Jisa¥) =X5 ¢ @laga gall Jaa) [ Jaal) Ala =X3
IS Zisalll b ALRal i paial clalee 4 gina (s AGY Jgaadl g

Variables in the Equation

B S.E. Wald df Sig. Exp(B)
X5 1.354 .066 4.874 1 .027 3.871
X3 26.130 .536 17.922 1 .000 |2.20E+011
Constant -1.285 3.396 17.515 1 .000 277

o til) 4 gian § %75 ~J-ddl) Jod Ao G 3 geall) aladinly Caiail) 485 CuilS Las

-1 VS daizga
Classification Tabl®
Predicted

Y Percentage

Observed 0 1 Correct
Y 0 46 14 76.7
1 16 44 73.3
Overall Percentage 75.0

a. The cut v alue is .500
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Classification Trees (CART) «isiwaill jladi -3
Baal g J<! Aalaal) oda 3,40 A8t a6 by Laddg cilinal D0 L) & el et a5
AL A8l 60y i Bugean Alale A8 1d B0 (e Ao gara JSUg A cpiid) o3 (1
lin O~ DESCRIPTIVES wiwaglls FREQUENCIES®! ) <l Jlarivuly g
Al B gually g Lgdlay 558 a5« SPSS13
"k kkkkkkokkkkokkokk. LE4Y) d_@ LA R M
x1 (lowest through 0.30=1) (0.31 through 0.66=2) (0.67 through highest=3)
x2 (lowest through 0.63=1) (0.64 through 0.77=2) (0.78 through highest=3)
x3 (lowest through 0.02=1) (0.03 through 0.06=2) (0.07 through highest=3)
x4 (lowest through 0.21=1) (0.22 through 0.61=2) (0.62 through highest=3)
x5 (lowest through 0.24=1) (0.25 through 0.51=2) (0.52 through highest=3)
x6 (lowest through 0.32=1) (0.33 through 0.68=2) (0.69 through highest=3)
x7 (lowest through 0.11=1) (0.12 through 0.22=2) (0.23 through highest=3)
x8 (lowest through 0.21=1) (0.22 through 0.32=2) (0.33 through highest=3)
x9 (lowest through 0.07=1) (0.08 through 0.16=2) (0.17 through highest=3)
*kkkkkkkkkhkkkkkhkkkhkin m‘ dzé O:‘l.\"‘""************************
x1 (lowest through 0.26=1) (0.27 through 0.62=2) (0.63 through highest=3)
x2 (lowest through 0.61=1) (0.62 through 0.74=2) (0.75 through highest=3)
x3 (lowest through 0.02=1) (0.03 through 0.06=2) (0.07 through highest=3)
x4 (lowest through 0.24=1) (0.25 through 0.49=2) (0.50 through highest=3)
x5 (lowest through 0.20=1) (0.21 through 0.43=2) (0.44 through highest=3)
x6 (lowest through 0.31=1) (0.32 through 0.59=2) (0.60 through highest=3)
x7 (lowest through 0.13=1) (0.14 through 0.24=2) (0.25 through highest=3)
x8 (lowest through 0.24=1) (0.25 through 0.36=2) (0.37 through highest=3)
x9 (lowest through 0.05=1) (0.06 through 0.12=2) (0.13 through highest=3)
*kkkkkkkkkhkkkkkkkkin m‘ d:é 4_'\“"************************
x1 (lowest through 1.05=1) (1.06 through 1.46=2) (1.47 through highest=3)
x2 (lowest through 0.63=1) (0.64 through 0.77=2) (0.78 through highest=3)
x3 (lowest through -0.01=1) (0.0 through 0.04=2) (0.05 through highest=3)
x4 (lowest through 0.89=1) (0.90 through 1.89=2) (1.90 through
highest=3)
x5 (lowest through 0.32=1) (0.33 through 0.85=2) (0.86 through
highest=3)
x6 (lowest through 2.89=1) (2.90 through 5.89=2) (5.90 through highest=3)
X7 (lowest through 0.11=1) (0.12 through 0.22=2) (0.23 through highest=3)
x8 (lowest through 0.21=1) (0.22 through 0.32=2) (0.33 through highest=3)
x9 (lowest through -0.05=1) (-0.04 through 0.05=2) (0.06 through
highest=3)

@ilSy STATISTICA 6 gabi aladid o A58 jlad¥) A8k 1A% (o aly

EM e Baal g JS cqu i Ae ganaS 4845 120 (e A (1 Lgle Jganl] ol ) Cldiaal)
(ALald) ALaWY it Jiai 1 F 2 o) 3 oAl disial Jladil oo 3 ke o (Jddll g8 < g
Adaal) a5 3 48,8 5a5c A (FINAL NODE ¢ (3lélas) ALaY y& chiva Jiai 1 H «
R o ALE ga Laadall Cilall g Badal) oda A AL M) A8 H ) F ciad) Jiay 3
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L o A sl Ada - il dldia) Guuad g Mgl o ALi

H+F
mut@\&ﬁﬁﬂ\wﬂhu& o F a.equﬂS.}hui‘dﬂj\ébj‘m@
DA Jgaall 18h g A laal) LI milil Qandli CSay

DA LR CART
1 73.3 75 80
2 81.7 725 73.3
3 75.8 60.8 59.3

bdh (o Ay by Judidl) 8 (e ) s gaal) Ciiluaill Ay gial) qudl) (udlad Bady
Go IS sl B9 %% 81.7 iy 3) Cpiead) i B jaalie dad (g2 3 (g el iiuall) ANa)
aladin) aie ¢lsh oo Juadl Lal (L) 3 cpanda i) Guilas Gl 8 cosad) ¢y 685 a8 g 0y 30)
DY) bl gda &) g gl B A e dpalaall (3 dal) Uil g ¢ padd) Ciaial) o ghu
%75&.&..3\4.4&\&.&3&\,&4“‘33“535\Csju\‘_,éu.bimj‘_sAi 1)) s o)
ZAlalll dpailly Juad) & DA 48k il cpa B LRI %73 &b Y] DA g 4 jaly
@Mw\aéﬁ&m‘)\h)ﬁﬂu\soJMJ_M\d,\ﬁu\Hu)ajggﬁMdﬁgﬂ\
Baal g ddd A g ptal) 3 ALl cilily (i ol ade ) 3 gay @D Jalg Jadl 38 3aa) ol Al
bl B adlal) Y aladl Lgaladl Laddy Laa cilibnl) Add 8 agoud 4 o &l il )
. dale B guan dpalatyl a) glal) g Autlal)
claliiuy) -8
B gty —( el Lgmadti ) il Lagd e sl jlaai¥) milaly Juaall Joladl) o (5 5 1
Al Aaa) Gusay (1) g X5, X5 sial) Ao Jadl 8 ¥ Ay cdaidl dua dale
3) Lyl 4 e (pasalaall (pand goadll i) cadils a8h JEAN Jod i Lal ol joiiiall
il Avd e A LR ) ciiaal dpad CuilS 5 X5, X5 Crosdiall o (pad galll Jaidl
Y g sia) G B %81 Adsiual A8 caly ¢ yiia day )l o s gia) GM) DA gisad
x5,x4uiJﬁd\u\3‘f‘& Olad gaill o gial g Sl J8 ABNAY il bﬂw)aiauiﬁ
@\M\U\A‘ﬁj‘wmu UJ&\MMM\H\JMMJM\M\QU
Ll Juabl cliiaall ¢ 6< un oll) 73 gail)
Sld 3l Gae LS Ly 8 Juddl) g U oS Lalsh cCiniaail) jlacd) ddaadla gl (e =2
LalS el piial) (and B g i cull Ly B Jddl) fo )0 OlS LalS 40) o agdy of (Say g5
ha.bm‘ddjuaﬂl\uwwué u\éﬂiwdpuué\dﬂj\&Jm
uuuyd\u\gﬁﬂ\"w"LMMMJ—J\W\J&\“}\AAIAMJBMJQUJ&
m&:uﬁmJjwaﬂcéwﬁm9\4\@4.Umu\3.w1u)-mﬂhuﬁdmﬁ\
5 e lay Laa dplea cllas 13 63 Y ) A8kl oda Lgale a gl AN daud) u) e
ac g8l 71 Akl (ulsd Ao Alaal) 2 g5 3) Cily pdall Aladl) Gailuadd) o o il
P UV (= riall) L) g3d) Cy Aslidlal)
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il gil) -9
Aale 3 guay il Al Jady sl b Abadl JaudY) cuglad aladiad -1
o) aladin) ¢pSay LaS Gt Ada giall cl 8l (B dpalaall qulla) aladiad -2
(o2 Al (il dpand) CilSudl) g 4 ) ) 5 AY)
LaS g 4nale B gty X5, X3 A S il 23] an ol 2 Lgy alaiaY) (e Al &l il -3
- Sl a ga
(A Clelad g J gl ci giud g Ad) al) cilS A e ziladll gukai 4
-:Z\*}.“ JJMAS\
slaay) A Jilua g il B — a0l ciladle Audu-1978 Jrusdi ). gluse -1
~rdgralal) g MY g Jiles )

s 3 isall Joal gadl dccal Al B el AN aladiad) ((1986) A gris daa (Ao -2

ALaiBY) g 5 )y Al aaky Azdlaa B claleall  Cpraleal) Wlea 8 alad) g gisal)

' L s daals

Jmalgadl pariadd 8 adaial) joeall Joladll aladi (1995) ie Al cigdny -3

B AQIS utaa o) dade Adlas el ida yal (g peaad) il (B3 S 5eal)

A palinal) daalal) 8 sLaié¥) g
.;1#3;‘2\ ibaadl
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