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KD = YD = ED = D gﬁi:lLASJ {21}:
§ ) A Gl o salgial X VAL i ]
Xt = D.Sxt_l - ilt
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: 40 el G sl gl Al ARMA 23 gadl gty 430 Lag 43) gddind) Undl) 2
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e, = 0.5e,_, exp(—el_ ;) + ¢, 181 1)
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1— Y, =X+ X exp(—XZ ;) +e

4 exp(X,_
2~ Y. X, + p(Xe_1)

© 1+ exp(Xey)
(CV) &8 b Jlariuly (LLR) amaagall (hal) jlaaiy) jahe; daldl) 1 pgaill dalea L) a5 4
A8yl Jlaxiuly dygail) dalaa JLIA) % 183 (C.S,S) Amesil) Apngail) dag i) ja%a L (pluging s
(GSV)
s BlSlaal) et il A58l 4- ]
Slaxiady Jugaill 410 3 gadl a8 SLSlacall G lad il Julali g (ol o Al £ 3l 138 B

Aty Jmaail) A g3 gadl Jfiad B BN g Cpadgal¥) (o) Gl alaal) A g malaadl) (G sl
LAY Lgldat atu il (4) aBy dgaad) (1) alu dgaal (e dauagall g (R) gelise o dlaisY)
(n=100, e ana dic oY) A G () guliad) Uad) 3l g3 ally Ay jaill o3a Ao: A il e

A Jaady) jabal dpeail) dala CEA) aa g il Al e 23 g5 g ilad aead 150, 200)
A Jalaad) B Les qmiliil) )9y Analaall Andiy Aaleadl) Jygaill DA 2ia gall

Jo¥) gagad) <l jaial MSE  Undd) cilay ya Jaugia (1) Jgta

+ &

n| LLR| LLR CSS| LLR-| LLR-| CSs-LSL
(LSCV) (PI) L.S.I| L.S.I(PI)
(LSCV)

100 1.239553 1.572403 1.443224 4.309874 4.428371 1.186649
150 | 2.079444 | 3.90814  1.592057 | 1.766952 | 2.77151 1.585056
200 1.314889 1.833706 1.667723 1.674986 1.850215 1.14608

(A Eagaly) < pdial MSE Wail) lay pa Jauusia (2) Jgia

n LLR LLR CSS LLR- LLR-| CSS-L.S.L
(LSCV) (PI) LS. LS.
(LSCV) (PI)

100  1.081516  1.130206 0.3783161 1.940414 2.302254 | 0.3950817
150 = 1.083727 | 2.019156 0.2820851 2.355265 2.439155 | 0.2805185
200 | 1.153488  1.359198 0.3627302 2.473862 2.777418 | 0.3440406
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s A0 Jghaadl A Las qilill) oSy Apalaall dpdy Apalaadl) Jygail) A o gal) adl)

I g asal) & jtial MSE skl cilay 3o Jou gia (3) Jsia

n LLR LLR CS.S L.LR- L.L.R- CSS-
(LSCV) (PI) L.S.1 L.S.1 L.S.L
(LSCV) (PI)

100 1.543054 1.904827  1.461579  3.320833 3.163212  1.498341
150 2.132902 3.684523 | 1.238871 | 1.664607 1.590085 | 1.210924
200  0.8229626 0.8394482  0.543588  1.427135 0.295344 0.5337214

A z3gai) &l il MSE  Undd) cilay ya Ja gia (4) J g2

N LLR LLR CS.S L.LR- L.LR-| CSS-LS.L
(LSCV) (PI) L.S.1 L.S.1
(LSCV) (PI)

100 1.618591 1.193153 0.2459798 0.928825 2.017633  0.1968701
150 | 1.655727 | 1.582232  0.3439395 0.758776 2.277095 | 0.3272023
200 = 1.389552 1.29966 0.3807107 2.518957 2.672776  0.4130124
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comparison between the methods estimate nonparametric and
semiparametric transfer function model in time series the Using
simulation

Abstract

The transfer function model the basic concepts in the time series. This
model is used in the case of multivariate time series. As for the design of this
model, it depends on the available data in the time series and other information
in the series so when the representation of the transfer function model depends
on the representation of the data In this research, the transfer function has been
estimated using the style nonparametric represented in two method local linear
regression and cubic smoothing spline method The method of semi-parametric
represented use semiparametric single index model, With four proposals, , That
the goal of this research is comparing the capabilities of the above mentioned
method using simulation at sample sizes (n = 100,150,200) as it found that the
estimated proposed( C.S.S-L.S.1) is the best among the studied capabilities.
Key terms of research: transfer function , local linear regression , cubic
smoothing spline, semiparametric single index model
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