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A i) A 50.8% 49.2% 61.5%
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) 100 105 51.2%

A Gl Ay 48.8% 51.2% 50%
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discriminate analysis and logistic regression by use partial least square_

Abstract

The method binery logistic regression and linear discrimint function of
the most important statistical methods used in the classification and prediction
when the data of the kind of binery (0,1) you can not use the normal regression
therefore resort to binary logistic regression and linear discriminant function in
the case of two group in the case of a Multicollinearity problem between the data
(the data containing high correlation) It became not possible to use binary
logistic regression and linear discriminant function, to solve this problem, we
resort to Partial least square regression.

In this, search the comparison between binary logistic regression and linear
discriminant function using error Category. Where the data has been generating
a variable response (Y) binery data (0,1) containing Multicollinearity problem by
the samples (50-100-150-250-400) and the variables (5-10-15). Multicollinearity
problem has been processed using a method partial least square The research
found that linear discriminant function It is the best in the classification of data
from binary logistic regression classified as linear discriminant function the data
correctly and more accurate than binary logistic regression.

Keyward: linear discriminant function- binary logistic regression- partial least
square— multicollinearity problem — ratio of classification — simulation.
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