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User (K-Means) for clustering in Data Mining with application

The great scientific progress has led to widespread Information as information
accumulates in large databases is important in trying to revise and compile this
vast amount of data and, where its purpose to extract hidden information or
classified data under their relations with each other in order to take advantage of
them for technical purposes.

And work with data mining (DM) is appropriate in this area because of the
importance of research in the (K-Means) algorithm for clustering data in fact
applied with effect can be observed in variables by changing the sample size (n)
and the number of clusters (K) and their impact on the process of clustering in
the algorithm.

Key words :object ,data mining, clustering ,machine learning ,algorithm
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