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L MMlasbe YOS i) Jial N g Alastiacall (@) lal) Juadl Gl Ja gail) A3 3 gady

SELall di pali wie@g5-1
Slanivndy BLSlacall G lad L ot 3 Lgia 33 Ggthaall Gl BlSae 2 4l ¢ R 4ady gealiyal) dlae) o
O gl il bl ad 65 %5 4yl JS 500 008 ) Sy (N=40,60,100) <l 2 saa &G

H [18](;5i?.‘ LASJ XD = Yﬂ - E'D - {]

2 ) agal) ulad o oadgial N, AL yiia]

X = 0.3x%,_; +a;

a.,~N(0,1)
Ay ziladl) 3B 00l g8 A ARMA gisadl gy g1l ) gaiad) Uadll) 2
e, =0.18e,; +& + 0.2g,_, A
e, = 0.5e,_, exp(—el_ ;) + ¢, 181 1)
Oy
(0.5) 0ilsis (0) dams iy L Ly 355 £ 5 68 (il gie e g
e~ N(0,0.5)

p 4 g iladl) 3By oal g8 o il el a3
1— Y, =X, +X,_;exp(—XZ,)+e
2— Y, =2cos(X,_,)+e
Local Linear Regression (s sall (il jlaai) jale; dualil) asgatl) dalea JLEA) a5y 4
Smoothing Al dagaill day 2l jada Lal(plugin) 4 b Jueaiuls (LLR) Estimator
(GSV) 48y kb Jlatinds 1t dalra LIA) o5 38 (C.S.S) Cubic Spline
BISIAL! iyl gl 5-2
Lo ana ade oY) Adal Guua Al godind) Uadll) 2l g8 2y 40 0l 0da B9 2 g¥) A il
2 AV Jglaadl B LaS uilill) (g8i 9 pitia 365 zilad aaady (N=100,150,200)
Y Al J oY) zisaly MSE Uadd) cilay o Jas gia G (1) a8 Jsin

N N.F.T L.LR C.S.S
100 520515  1.572403 1.442139
150 5.50874 3.90814 1.153635
200 475264  0.904941 1.29797
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Ao A il S £l MSE Uaid) cilay o Ja gia (s (2) a2 Jgaa

n N.F.T L.LR CS.S
100 6.706282 1.557092 1.329751
150 2.463101 1.681587 0.9428134

200 3.661123 1.92439 1.739879

DAY Al il s -
g dla b alial) aslaa) aoaad g @l jalall (e J<I (MSE) asdy paldd) (2) (1) alsin <l yiad
- AU gV Cpad el A Aal Gua () gdadl Uadl)
aie Lal (100,150) wlinl) ana aie Juabl b (1) ad; Jgaall 2 C.S.S st of guiliil) < pgdi) -1
Aplis (CSS) sadall o) il (2) pdy Joaadl 2 el Juad¥) 54 (LLR) ke ¢ (200) 4 pas
Zagail G JuadY) g8 C.S.S ke Jlanicil dic dpalaadlll Jygaill Ad1a 3 gad) ()l guiliil) i ygdal LS -2
. Aldaxiual) cilial) apaalg NLF.T dzalaal) Jygail) A2l
(N=100, 4ie ana dic 4G AN CGuua ) godad) Uail) ad g3 ally A jail) oda A g4l 4y i)
A Jglaad) B Las e 3 65 ikl gead g 150, 200)
400 4, 00l I ¥ gasaN MSE Uadld) cilay ja Jau g (o (3) ol J g
n N.F.T L.L.R C.S.S

100 5.39251 3.504908 1.130312
150 | 4.50962 | 0.9030895 ' 0.9271312
200 4.82642 1.50824  1.427951

AUz 5al) &l kel MSE Undl) cilay o Jaa e G (4) a8 J g2

n N.F.T LLR CS.S
100  6.082426  1.439135 1.091632
150 | 7.254441 | 1.505705 1.105043
200 6.889626  1.482624 1.040659
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Using simulation to compare hetween parametric and nonparametric transfer
function model

ABSTRACT

In this paper, The transfer function model in the time series was estimated
using different methods, including parametric Represented by the method of the
Conditional Likelihood Function, as well as the use of abilities nonparametric
are in two methods local linear regression and cubic smoothing spline method:«
This research aims to compare those capabilities with the nonlinear transfer
function model by using the style of simulation and the study of two models as
output variable and one model as input variable in addition to generating
random error in the model of the transfer function model that follows the
ARMA model by two functions and a variation (0.5) at sample sizes (n =
100,150,200) The results showed the superiority of the nonparametric transfer
function model at the cubic smoothing spline estimator C.S.S On the nonlinear
and nonparametric transfer function model.

Key words: nonparametric transfer function model , parametric transfer
function model, voltera series ,local linear regression ,cubic smoothing spline
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