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L g gl g i 2a o8 gl ol rga JSlg ¢ g iLall)

2 palina (g dglie ddal) 0985 @) Gk 1 alnal) jlaad¥) qagla) 29 JY) G slull
Y IS g dBia p& ol a9 Ahld clalifind ) alral) g5 ill (Jaldd) Gl Y) ga'sy 8 (S
. Bl culilal) ity

Jlal aaal) 4ndl) o alead) Gislud) g2 SN b)) o gialdl el i) adgdy
o3 gl Al Mg (uSallyy o siball palaal) 73 gadl¥) Aoyl anily Bainal) cililull QIS g ciliLl)
S ) AUiay o0 baay Aha Lgde j ok Allg daaial) jlaady) Aal a quadial 3 paY) cudla)
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yi=m(x)+e (2-2)
PO G
At e Jiay 1y
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s AY) AL Lgde ey Al g < pidiall Adadl) Caus) 3l

M
v=> 9,6 (2-3)
ji=1i
$ O G

LAl i Jlag ¥
ALY clalaal) Jia

346 Ac)lailg sl p glall (alma
2018 e 24y Mzl (104 sl



tiynell fila il g dén lWinll Gl léw  jlanol dioeiwl

el lainjglyi nd

CJ}A—L“ g.ﬁ clalid) s 2 M

. Badaa gl A Jidd 1,
L (N*P) A2 Auaps i) @ pisial) 48 gheaa Jidi ;X
c O

»Aad gil) @ pial) a3 Jial; P
L Adad) aaa Sl
A8k e dald a0 6S5 il piial) daaial (Suudisl) Apatie ) Juladl) (3 sk (e aamdl o)
J—taall Jb 2l § (PC) dmaipl) il ) Julad gale ABY) (pa g ABadlial) cilaliny)
.(Discriminant Analysis)
The PPR Algorithm A3adial) cibaliul) laad) dsa ) ) 93(1-4-3)
2 LS 5{(X1.1,0 X2My Y1) oo {(Xn 10 X vty Yin) } 2bilaall F(X) Aot Al il (a1
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[2,9](Propagation of error
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. (RMSE) J—3 dll_iai g3 &llig (400 < 200 « 100 ) cl—izl)

;b G 19 i i & | - 5

;b i ¥ | (1-5)

Ay bl Jua il a3 ¢ BlSLaal) g lad Jalas ¢ gua
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Use projection pursuit regression and neural network to overcome curse of
dimensionality
Abstract

This research aim to overcome the problem of dimensionality by using the
methods of non-linear regression, which reduces the root of the average square
error (RMSE), and is called the method of projection pursuit regression (PPR),
which is one of the methods for reducing dimensions that work to overcome the
problem of dimensionality (curse of dimensionality), The (PPR) method is a
statistical technique that deals with finding the most important projections in
multi-dimensional data , and With each finding projection , the data is reduced
by linear compounds overall the projection. The process repeated to produce
good projections until the best projections are obtained. The main idea of the
PPR is to model the multiple regression as a sum of the nonlinear functions of
the linear structures of the variables.

Two approaches were used to solve the problem curse of dimensionality :
the first approach is proposed projection pursuit regression method (PPR) and
The second approach is the method of neural networks (NN) representing by
(Back Propagation of error) which is one of the methods used in reducing
dimensions . A simulated study was conducted to compare the methods used. The
simulations were based on findings that showed that the method (NN) in this
study gave better results than the (PPR) based on RMSE.

Key words:- curse of dimensionality ; projection pursuit regression ; neural
networks.
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